FORUM GECGRAFI

ISSN: 0852-0682 | E-ISSN: 2460-3945

Research article

HTTPS://JJOURNALS.UMS.AC.ID/INDEX.PHP/FG/

Mapping the Information of Social Vulnerability of Covid-19 Pandemic in
Bandung City, Indonesia

Citation:

Nandi, N., Greve, K., Ismail, A., Se-
tiawardani, W., Rahmawati, Y. D., Omon-
ovich, K. D., & Eraliyevich, N. S. (2025).
Mapping the Information of Social Vul-
nerability of Covid-19 Pandemic in Ban-
dung City, Indonesia. Forum Geografi.
39(3), 292-306.

Article history:

Received: 30 June 2025
Revised: 29 August 2025
Accepted: 18 September 2025
Published: 19 September 2025

Copyright: © 2025 by the authors. Sub-
mitted for possible open access publica-
tion under the terms and conditions of
the Creative Commons Attribution (CC
BY) license (https://creativecom-
mons.org/licenses/by/4.0/).

Nandi Nandi”, Klaus Greve?, Arif Ismail®, Wawan Setiawardani®, Yuli Diani Rahmawati®,
Khimmataliev Dustnazar Omonovich®, Nurmamatov Sheroz Eraliyevich’

! Department of Geography Education, Faculty of Social Sciences Education, Universitas Pendidikan Indonesia, Jalan Dr.
Setiabudhi No. 229, Bandung 40154, Indonesia; 2 Geographisches Institut, Universitat Bonn, Meckenheimer Allee, Bonn,
Germany; ® Survey Mapping and Geographic Information Study Program, Faculty of Social Sciences Education, Univer-
sitas Pendidikan Indonesia, Jalan Dr. Setiabudhi No. 229, Bandung 40154, Indonesia; * Elementary School Teacher Edu-
cation Study Program, Faculty of Teacher Training and Education, Universitas Darul Ma’arif, Indramayu, 45283, Indone-
sia; ® Management Study Program, Faculty of Business and Humanities, Nusa Putra University, Sukabumi, 43152, In-
donesia; ® Pedagogical Study Program, Chirchik State Pedagogical University, Uzbekistan; ’ Department of Physics,
Chirchik State Pedagogical University, Uzbekistan

“) Correspondence: nandi@upi.edu

Abstract

The COVID-19 pandemic has widened socioeconomic disparities in urban Indonesia, where studies on the
interaction between demographic factors and population density are often overlooked. This leaves a gap in
the holistic understanding of spatial vulnerability. This gap is pressing for Bandung, one of Indonesia's key
economic hubs, where the lack of integrated, evidence-based data hampers mitigation efforts against the
pandemic's impact. This research is motivated by the need to fill this gap by mapping the social vulnerability
of Bandung residents to COVID-19. This study uses a multi-criteria approach (Analytical Hierarchy Pro-
cess/AHP) using four main parameters: building density, population density, potential crowd locations, and
demographic structure, to assess the level of social vulnerability. The analysis reveals that six districts Ba-
bakan Ciparay, Batununggal, Bojongloa Kaler, Cibeunying Kidul, Coblong, and Kiaracondong show very
high social vulnerability. The study also identifies the distribution of COVID-19 cases and these social fac-
tors, particularly in densely populated and crowd-prone areas. Consequently, this study highlights the need
for policy alignment to reduce social vulnerability and mitigate the impact of the pandemic in Bandung City.
It also recommends increasing public awareness and strengthening health protocols to minimize the risk of
COVID-19 transmission. These findings offer strategic direction for the government and stakeholders to
develop more effective policies in dealing with future health crises.

Keywords: urban spatial vulnerability; pandemic mitigation; multicriteria analysis; demographic resilience;
inclusive health policy.

1. Introduction

Since the onset of COVID-19, its disruption has continued to impact nearly every aspect of daily
life worldwide. In Indonesia, the pandemic has exposed deep-rooted public health weaknesses
and exacerbated long-standing socioeconomic inequalities (Arifin, 2022; Ningrum & Lotta,
2024). As of March 2023, official tallies showed 6.7 million confirmed cases and 160,958 deaths,
illustrating how rapidly the virus has spread across large swaths of the country (Alsairafi et al.,
2024; Harapan et al., 2023; Surendra et al., 2023). Economic scale and social inclusiveness were
already lagging before the outbreak, and response policies have exacerbated rather than alleviated
these disparities, with limited access to healthcare and stable employment still concentrated
among the same marginalized groups (Choongik & Kwang-Hoon, 2023; Siimsen et al., 2023).
These same governments, overburdened and often reactive, have relied on gradual quarantines
and mobility restrictions whose uneven implementation has sometimes exacerbated disparities
rather than reduced them (Biswas & Nautiyal, 2023; Kim et al., 2025; Roy et al., 2024). These
policies have weakened economic participation, exacerbated vulnerabilities in densely populated
metropolitan peripheries, and underscored the ongoing need for economic recovery to coexist
with public health interventions.

The vulnerability of urban communities to pandemics, particularly COVID-19, is a multidimen-
sional issue influenced by the complex interaction between demographic characteristics, health
system capacity, and urban policy frameworks (Grum & Grum, 2023; Jiang et al., 2024; Qazi et
al., 2022). Bandung City, one of Indonesia's economic centers, with a population of around 2.5
million people and a population density of 15,176 people/km? (Miftah et al., 2022). The high
mobility of Bandung's population within this urban agglomeration inherently increases the com-
plexity of mitigating the spread of infectious diseases (Taqi & Rasheed, 2025; Widya et al., 2023).
The preparedness of Bandung City's health system in facing the pandemic crisis has been the
subject of critical evaluation, where the level of community compliance with health protocols
shows significant variability (Miftah et al., 2024; Mustikawati et al., 2024; Roosmini et al., 2022;
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Widarna et al., 2024). From an urban policy perspective, cities with less diversified economic
structures tend to be vulnerable to pandemics.

Understanding social vulnerability is crucial to understanding the complexities of the COVID-19
response (Ford et al., 2023; Rezaei & Dezfoulian, 2023). Social vulnerability refers to the suscep-
tibility of different demographic groups to negative impacts during a crisis, influenced by factors
such as socioeconomic status, access to health services, and community resilience (Li et al., 2023;
Mabh et al., 2023). Studies categorize social vulnerability into four interrelated domains: physical,
social, economic, and environmental (Gunaratne et al., 2023; Johnson et al., 2023; Majumder et
al., 2023). In the context of disasters and health crises such as COVID-19, recognizing these vul-
nerabilities allows policymakers to prioritize interventions effectively, directing resources to the
most impacted populations and communities (Elkady et al., 2024; Kaim & Kubbe, 2025; Onyejesi
et al., 2025). This understanding has become increasingly relevant as the pandemic has revealed
the multifaceted nature of vulnerability, encompassing health impacts as well as economic and
psychosocial dimensions.

Existing research has consistently highlighted the crucial relationship between population density,
urban environmental characteristics, and the dynamics of infectious disease spread. Specifically,
areas with high population density are recognized as epicenters of outbreak vulnerability
(Anugwom & Anugwom, 2023; Gutu et al., 2021). From an urban geography perspective, this
phenomenon can be explained by the increased social interaction and population mobility inherent
in dense environments, which directly correlate with higher transmission rates (Kim et al., 2024;
Soleimani & Jalilvand, 2025). Geographical challenges in implementing public health interven-
tions, such as effective lockdowns in densely populated areas, often facilitate the persistence of
transmission (Cheshmehzangi et al., 2023; Choo et al., 2024; Islam et al., 2024). Furthermore,
the socioeconomic stratification often found in urban centers exacerbates this vulnerability, crea-
ting a complex interplay between spatial demographics and adverse health outcomes (Hossain et
al., 2024; Liu & Liu, 2024; Rold&n-Valcarce et al., 2023). Therefore, a thorough understanding
of the interactions between these demographic and environmental factors in an urban geographic
context, particularly in areas such as Bandung City, is imperative for designing adaptive and ef-
fective public health strategies.

Despite this, the scientific literature still demonstrates significant debate regarding the concept of
social vulnerability and its implications for public health outcomes. From a geographic perspec-
tive, there are critical gaps in our understanding of how spatial configuration and specific urban
demographic factors influence community adherence to health interventions during the pandemic
(Héfliger et al., 2023; Sahoo et al., 2023). While numerous studies have confirmed the correlation
between population density and disease incidence, the multifaceted interactions of these factors
in a diverse urban landscape, such as Bandung, require deeper geographic exploration (Dyer et
al., 2024; Nandi et al., 2024; Priyatna, 2024). Bandung's unique demographic characteristics, in-
cluding high population density and significant socioeconomic heterogeneity, warrant focused
spatial analysis to unravel how these factors influence community engagement and adherence to
public health directives (Triwardhani & Kennedy, 2025). Furthermore, the role of public percep-
tions and levels of trust in public institutions in shaping compliance with health measures is a
crucial socio-geographic dimension, yet it remains underexplored in the context of the COVID-
19 pandemic (Chen et al., 2024; Groschke, 2025). This gap indicates an urgent need for more
detailed research that integrates spatial analysis with socio-economic dynamics to develop a more
comprehensive understanding of urban vulnerability to health crises.

The purpose of this study is to address this gap by using spatial and multi-criteria analysis metho-
dologies to map social vulnerability in Bandung City. This study aims to explore the interactions
between building density, population density, and demographic structure on public health out-
comes during the pandemic. Using this methodology, this study aims to identify priority interven-
tion zones and create a framework that improves understanding of how urban factors converge to
influence health outcomes (Al-Rawashed et al., 2024; Saric et al., 2024). This integrated approach
is crucial for developing targeted interventions that effectively address the unique challenges po-
sed by COVID-19 in this context. This research employs the Analytical Hierarchy Process to
examine social vulnerability dynamics in Bandung City, building on recent analytical frameworks
(Batur et al., 2025; Moslehi et al., 2023; Putra et al., 2023). AHP effectively organizes disparate
vulnerability dimensions, allowing the systematic weighting of demographic, spatial, and health
variables while integrating qualitative and quantitative inputs from diverse stakeholders. The
structured comparative matrices, used iteratively, fortify the robustness and reproducibility of
analytical outputs (Huang et al., 2024; Zain et al., 2025; Teng et al., 2025). By merging high-
resolution spatial and demographic data with empirical health outcomes, the study extends the
public health and urban resilience discourse in policy-relevant ways, offering empirical entry
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points for the effective assessment of health equity and resilience strategies (Liu & Mostafavi,
2025). Through a hierarchically ordered representation of urban vulnerability, the work intends
to generate actionable evidence that informs evidence-based, equitable health responses and
strengthens readiness for recalcitrant health crises (Okoli et al., 2024; Fredericks et al., 2023).
The anticipated outputs are positioned to guide the calibration of public health interventions and
to reinforce the adaptive capacities of Bandung communities.

2. Research Methods
2.1. Study location

The COVID-19 pandemic has further exposed and deepened pre-existing social inequalities in
Bandung, placing the city on the list of regions with a steadily rising infection rate in Indonesia.
The sharp surge in new cases over a short period of time has posed a severe challenge for people
who, even before the pandemic, already faced health barriers, including limited access to official
services (Luo et al., 2023). Examining the city's demographics in the context of Bandung, Jakarta,
and Surabaya, Jakarta, as the center of government and the economy, has the advantage of a more
comprehensive health infrastructure. However, the challenges there are also significant, as its
dense population facilitates a more rapid spread of the virus (Sarker et al., 2024). Surabaya, on
the other hand, has adopted a series of more sophisticated mitigation strategies, such as a more
rigorous digital tracking system and stricter mobility regulations, to suppress virus transmission
among its more diverse population (Rachmawati et al., 2021; Rismawati & Abdullah, 2023). Ne-
vertheless, similar challenges continue to emerge across cities. For example, in the slums affected
by the apparent lack of self-sufficiency seen in Bandung, persistently high density makes physical
distancing nearly impossible, resulting in a spike in the risk of COVID-19 transmission (Chen et
al., 2023; Giyarsih et al., 2023; Huang et al., 2021; Sakti et al., 2022). This evidence underscores
that despite differing policy and infrastructure approaches to urban space, vulnerability to CO-
VID-19 remains a real issue that demands more inclusive and dynamic policy arrangements tai-
lored to the demographic context of each location.
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Figure 1. Research Location.
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Bandung's population is characterized by diverse demographic and socioeconomic elements, ma-
king its social vulnerability analysis highly relevant. Studies indicate that densely populated areas
are at higher risk of virus transmission, particularly when pre-existing vulnerabilities such as ad-
vanced age and underlying health conditions are high (Prada et al., 2024; Soiza et al., 2023).
Bandung's demographic structure, with its high proportion of elderly residents and significant
comorbidities, increases overall vulnerability to COVID-19 and poses a substantial public health
risk (Huang et al., 2025; Ibarz et al., 2024). Furthermore, the asymptomatic nature of a large
number of COVID-19 infections complicates efforts to control its spread, particularly in socioe-
conomically diverse settings (Adeyemi et al., 2025; Mustafa et al., 2025).

As life transitions to a new normal, the importance of continuous monitoring and mapping of
social vulnerability cannot be overstated. Effective mapping utilizing advanced analytical tech-
niques is crucial for informing policymakers to help them design targeted strategies to manage
current health risks and protect future livelihoods (Li et al., 2023; Nagavi et al., 2024). Therefore,
understanding the complex dynamics of social vulnerability in Bandung City is crucial, not only
for a rapid pandemic response but also for strengthening the city's preparedness for potential fu-
ture public health crises. This comprehensive and multifaceted approach serves as a valuable re-
source for decision-making related to health policy and disaster risk management specific to the
Bandung context.

2.1. Parameters of the social vulnerability

The four parameters of building density, population density, potential crowded locations, and po-
pulation structure were chosen because they are directly related to social vulnerability to COVID-
19 in dense urban areas. Building and population density limit the implementation of social dis-
tancing and accelerate transmission (Hamidi et al., 2020), while crowded locations become mo-
bility centres that drive the increase in cases (Chang et al., 2020). Meanwhile, population struc-
ture, particularly the proportion of elderly people, requires attention because they have a higher
risk of morbidity and mortality (Mueller et al., 2020). These four parameters complement each
other in explaining the spatial, demographic, and social dimensions of pandemic vulnerability in
Bandung City.

Table 1. The Social vulnerability of Covid-19 Parameters.

Parameter Year Source Information
COVID-19 confirmed case 2020 Health Agency of Bandung City Cumulative cases in each sub-district
Building density 2020 Landsat-8 OLI (USGS) Average NDBI value in each sub-district

Population density
Potential crowd location

Population structure

Central Statistics Agency (BPS) and

2020 Geospasial Information Agency (BIG)

Arithmetic population density

2020 Bandung City Government Distribution of large shopping places and

worships
2020 Bandung City Government (Dinas Ke-  Identification of vulnerable groups aged > 60
pendudukan dan Pencatatan Sipil) years in each sub-district

In compiling social vulnerability, there are parameters used for this purpose, including building
density, population density, potential crowded locations, and population composition by age. For
building density, we specifically use remote sensing analysis to obtain actual data. Building den-
sity is obtained through analysis of Landsat-8 OLI imagery because it has adequate spatial-tem-
poral resolution (Fage Ibrahim et al., 2023; Wang et al., 2024). Classification of residential areas
can be done through the Normalized Difference Built-up Index (NDBI), which combines the near-
infrared (NIR and SWIR) bands (Ismaeel & Kumar, 2024; Zhu et al., 2024). The formula for
NDBI is NDBI = (SWIR — NIR) / (SWIR + NIR) (Nikkala et al., 2022; Yasin et al., 2022). NDBI
has a major advantage because the resulting information can be combined with other spatial data,
for example, land cover, which indicates population residence as a major component of disaster
vulnerability (Ray, 2024). Population density can be generated by dividing the number of resi-
dents/area, resulting in population density data in units of people/km?. Potential crowd location
data is obtained by extracting points of central crowd locations, such as shopping centers and
places of worship in Bandung. Then, the number is calculated in each sub-district administrative
area polygon using the count point in polygon function. The results are expressed in units of
number of places/km?. Meanwhile, population structure data is obtained for people aged 60 years
and above in units of people per sub-district.

For the pandemic study, the social vulnerability model will be compared with the strongest CO-
VID-19 case data in Bandung City until the end of November 2020 (Table 1). The social vulne-
rability model was developed using a multi-criteria decision-making approach in the form of an
analytical hierarchy process (AHP) in the context of spatial dimensions according to their
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importance levels from 1 to 9 (Nkonu et al., 2023). The selection of reference sources was carried
out purposively, considering expertise in spatial epidemiology, urban planning, and disaster ma-
nagement, so that the resulting weights reflect a multidisciplinary perspective. The fundamental
scale of 1-9 in the AHP is used to assess the relative importance between parameters, where a
value of 1 indicates two parameters are equally important, 3 is slightly more important, 5 is more
important, 7 is very important, and 9 is absolutely more important. (D’Orso et al., 2023). To obtain
social vulnerability data for COVID-19, please refer to the Regulation of the Head of the National
Disaster Management Agency (BNPB) Number 02 of 2012 concerning General Guidelines for
Disaster Risk Assessment in Indonesia.

Social Vulnerability
(Parameters of Covid-19)

I
| }

Scoring Weighting
(Without reclassification) (Analytical Hierarchy Procoss)
Ovecrlay
(Union)

v

/ Social Vulncrability of Covid—l9/

Figure 2. Scheme of Mapping Social Vulnerability of Covid-19.

Population structure data is obtained from a direct census survey, with no specific formula, and
the unit is population. Regulations require weights and scores to determine the level of disaster
vulnerability. AHP generates weights for each parameter through a pairwise comparison scheme
based on its relative importance (Aichi et al., 2024; Rout et al., 2024). The weights, which calcu-
late the eigenvectors of the matrix, are then normalized to a total value of 1 (Pant et al., 2024;
Trillos et al., 2023). Consistency assessment in AHP can use the consistency ratio (CR), so that
the eigenvector calculation is not disruptive (Frish et al., 2025). CR is the ratio of the consistency
index (CI) to the random index (RI), which is the average consistency of the random number
matrix (Sato & Tan, 2023). The final process for obtaining this social vulnerability value incor-
porates the AHP results into an overlay analysis (Figure 2).

For ranking, this study used a range of positive ratio values. The social vulnerability value for the
COVID-19 pandemic in Bandung City was reclassified into five classes (very high, high, mode-
rate, low, and very low) using the geometric interval method (Sakti et al., 2023; Shirato et al.,
2023). This reclassification method divides class intervals based on their geometric characteris-
tics, which is useful for visualizing extremely distributed data (Shirato et al., 2023). This reclas-
sification method was used for confirmed COVID-19 case data as a comparison for the vulnera-
bility model.

3. Results and Discussion

3.1. Result

The spatial distribution of COVID-19 cases in Bandung City, as of November 25, 2020, highlights
significant disparities in social vulnerability across its regions. A total of 3,185 confirmed cases
has been recorded, with the highest numbers concentrated in areas such as Andir, Antapani, and
Arcamanik, each with over 200 cases. These areas have emerged as hotspots for virus transmis-
sion, indicating a higher risk of exposure and potential challenges in adhering to health protocols.
In contrast, areas such as Ujung Berung and Bojongloa Kidul have shown relatively lower num-
bers of confirmed cases, suggesting differences in mobility patterns, population density, or so-
cioeconomic factors influencing transmission dynamics. Data on recoveries and active cases
further demonstrates the uneven impact of the pandemic across the city. A total of 2,451
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a) Confirmed Case
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recoveries has been documented, with areas such as Gedebage, Kiaracondong, and Lengkong
showing higher recovery rates, potentially reflecting better access to healthcare facilities and more
effective treatment strategies in these areas. In contrast, areas such as Rancasari and Regol have
recorded lower recovery rates, raising concerns about disparities in healthcare access or the pre-
valence of comorbidities that could complicate recovery. The distribution of active cases, with
higher numbers in Sukajadi and Sukasari, underscores the risk of continued transmission and the
need for targeted interventions to curb further spread.

Mortality data highlights critical vulnerability in certain areas, with a total of 111 deaths recorded,
resulting in a local mortality rate of 3.48%. Areas such as Bojongloa Kaler and Cicendo exhibit
higher mortality rates, reflecting the influence of socioeconomic factors, population density, and
access to healthcare resources. These findings underscore the importance of local policy interven-
tions to address disparities in healthcare access and mitigate future vulnerabilities. Spatial analysis
of COVID-19 dynamics in Bandung City underscores the need for a tailored approach to pande-
mic management, ensuring equitable resource distribution and targeted support for socially vul-
nerable populations. (Figure 3).
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Figure 3. The COVID-19 pandemic situation in Bandung City, 2020.

In early December 2020, the Bandung City Government implemented Large-Scale Social Res-
trictions (PSBB) until December 23, 2020, to control the exponential growth of COVID-19 cases
and await the effectiveness of the COVID-19 vaccine being tested in the community. The COVID-
19 pandemic in Bandung City exhibits distinct characteristics when analyzed through the lens of
confirmed cases, active cases, recoveries, and deaths. While a high number of confirmed cases
often aligns with a higher death rate, this pattern does not apply in the Bandung Kulon District.
Disparities in case distribution indicate that the risk posed by the virus is influenced by differences
in social vulnerability (Table 2). This study analyzes four social vulnerability parameters, which
are assumed to mitigate or exacerbate the potential risk of COVID-19 transmission in each district,
assuming similar pandemic management capacity across the city.

The social vulnerability parameters presented in Table 2 initially lack spatial detail for compre-
hensive analysis. However, when visualized as a regional map (Figure 4), spatial variations
become apparent, influencing the distribution of confirmed COVID-19 cases after reclassification
using the interval geometry method. Each parameter exhibits a unique spatial distribution, al-
though greater geographic proximity is observed between districts, particularly in terms of buil-
ding density and potential crowding locations. For example, the second parameter indicates a
concentration in the western region of Bandung City, which serves as a growth center. In contrast,
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the population and age parameters exhibit a diffuse distribution pattern, reflecting the complexity
of social vulnerability across the city.

Table 2. Attributes of social vulnerability in Bandung City.

No  Sub-district Building den- Population density Potential crowd location Population structure
sity (Ratio) (people/km?) (places/km?) (people/district)
1 Andir 0.1 23761 4 12418
2 Antapani 0.07 18853 0.086111111 9597
3 Arcamanik 0.01 10179 1.13 8054
4  Astana Anyar 0.12 28090 0.140972222 10324
5 2’;‘:’&"&” Cipa- 0.09 19866 0.33 13183
6 Bandung Kidul -0.01 11176 0.096527778 6006
7 E;”dung Ku- 0.08 19359 0.23 11609
8 gﬁ”dung We- 0.02 8517 0.259027778 4398
9  Batununggal 0.09 25460 3.31 13831
10 i?o”g'oa Ka- 0.13 40125 0.051388889 13017
11 SSIJO”Q'O" Ki- 0.06 16654 0.12 8533
12 Buahbatu 0.04 13724 1.19 10957
13 Cibeunying 0.02 15265 3.29 8398
Kaler
14 ﬁ;giﬁ‘”y'”g 0.1 27584 0.094444444 13666
15 Cibiru -0.06 10773 0.36 6352
16 Cicendo 0.03 12487 0.173611111 12132
17 Cidadap -0.13 6457 1.36 6397
18 Cinambo -0.01 5974 1.02 2306
19 Coblong 0.01 15800 8.09 14122
20 Gedebage -0.06 4084 0.34 3633
21  Kiaracondong 0.06 22718 217 14101
22 Lengkong 0.08 12223 3.53 10175
23 Mandalajati -0.01 14970 1.49 6852
24 Panyileukan -0.01 7502 0.063888889 3911
25 Rancasari 0.01 12047 0.049305556 9377
26 Regol 0.08 17096 0.1375 10906
27 Sukajadi 0.05 19493 7.25 11905
28 Sukasari -0.01 12256 3.02 10002
29 gﬂ%ur Ban- 0.07 10766 0.253472222 4660
30  Ujung Berung -0.03 14003 0.050694444 8211

After identifying the social and COVID-19 vulnerability parameters in Bandung City, the next
step is to determine their weights using AHP. To begin, these parameters must be assigned quan-
titative values based on their relative importance. The parameter with the highest relative impor-
tance, in this case, is population (scale 5), followed by population density (scale 4), potential
crowd locations (scale 3), and population composition (scale 1). These parameters are categorized
as more important, slightly more important, and equally important, with intermediate values being
close.

The consistency index for the Analytical Hierarchy Process (AHP) was determined to be 0.06,
with an average vector consistency of 4.19 distributed among its parameters. The calculated con-
sistency ratio for the four weights of each parameter was 0.07, indicating a high level of consis-
tency. The weights obtained from the AHP method successfully compiled the social vulnerability
of COVID-19 in Bandung City, with a low error rate of seven percent, compared to the random
number generator (Table 3). These results meet the standard requiring a multicriteria analysis
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error rate of less than 10 percent, confirming the applicability and reliability of this method for
decision-making in assessing social vulnerability during the pandemic.
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Figure 4. Comparison between The Social VVulnerability Parameters of Covid-19.

Table 3. Weight result from AHP method.

No Parameter Consistency vector Weight
1 Population structure 418 7.04
2 Potential crowd location 42 2492
3 Population density 418 28.16
4 Building density 418 352

The weights obtained from the AHP method were used to assess the social vulnerability to CO-
VID-19 in Bandung City by multiplying the value of each parameter according to the BNPB di-
saster vulnerability formulation. This approach produced a pandemic social vulnerability map, as
illustrated in Figure 5b. The map identified six districts with the highest social vulnerability: Ba-
bakan Ciparay, Batununggal, Bojongloa Kaler, Cibeunying Kidul, Coblong, and Kiaracondong.
These districts showed high scores across all key parameters, including population density and
building density, which are important indicators of social vulnerability. The calculated weights,
such as population structure (7.04), potential crowd locations (24.92), population density (28.16),
and building density (35.20), were crucial in determining these high-risk areas (Table 3).

Other sub-districts, including Bandung Wetan, Cinambo, Gedebage, Panyileukan, and Sumur
Bandung, exhibit varying levels of social vulnerability, reflecting diverse conditions influenced
by their unique demographic and infrastructure characteristics. This spatial variation underscores
the importance of local strategies to address the varying impacts of the pandemic. By integrating
weights derived from the AHP with geographic data, this study provides a nuanced understanding
of social vulnerability, enabling policymakers to implement targeted interventions and allocate
resources effectively to mitigate COVID-19-related risks in Bandung City.
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Figure 5. Comparison between Covid-19 confirmed case and social vulnerability model.

A comparison of the distribution of confirmed COVID-19 cases (Figure 5a) and the social vulne-
rability model (Figure 5b) reveals a generally consistent trend, as areas with high social vulnera-
bility often show a greater distribution of cases. This finding emphasizes that social vulnerability
to the pandemic in Bandung City is a crucial component that requires greater attention from the
government, community, and relevant stakeholders. However, some discrepancies are evident in
certain districts. For example, Arcamanik recorded relatively high confirmed cases despite only
moderate vulnerability, which may be explained by localized outbreaks, higher community mo-
bility, or temporary clusters that were not fully captured by the structural model.

In contrast, Bojongloa Kaler is classified as highly vulnerable due to its dense population and
building patterns, yet the number of confirmed cases was not proportionally higher. This mis-
match could be related to underreporting, limited testing coverage, or stronger compliance with
mobility restrictions compared to other districts. These variations highlight that while the vulne-
rability model reflects long-term structural susceptibility, the actual distribution of confirmed
cases is also shaped by temporal, behavioral, and policy-related factors. Therefore, strategies to
reduce pandemic risk must combine structural vulnerability assessments with real-time epidemio-
logical and behavioral data to provide a more comprehensive basis for targeted interventions.

3.2. Discussion

A spatial analysis of COVID-19 transmission in Bandung City indicates a significant interaction
between social vulnerability factors and the dynamics of virus spread. Social vulnerability map-
ping guided by the Analytical Hierarchy Process (AHP) identified six sub-districts Babakan Ci-
paray, Batununggal, Bojongloa Kaler, Cibeunying Kidul, Coblong, and Kiaracondong as zones
of very high social vulnerability. These areas are characterized by high population density, buil-
ding density, and the presence of potential crowded locations, which are important indicators of
increased vulnerability to COVID-19 transmission. Previous research has highlighted the rela-
tionship between social vulnerability factors and the spread of infectious diseases, showing that
urban areas with higher social vulnerability are more susceptible to substantial COVID-19
outbreaks (Chin et al., 2023; Hu et al., 2024a). By integrating spatial analysis with social vulne-
rability assessments, public health interventions can be more effectively tailored to address high-
risk areas.

The correlation between confirmed COVID-19 cases and social vulnerability parameters
highlights the nuanced role of urban demographics in shaping the pandemic's impact. Districts
characterized by higher population and building densities exhibit trends of higher transmission
rates, underscoring the interconnectedness of urban planning, socioeconomic conditions, and pu-
blic health impacts. Research consistently shows that urban demographics significantly influence
the severity of the pandemic's impact, with densely populated areas often becoming hotspots for
disease transmission (Carozzi et al., 2024a; Maxwell et al., 2024). This pattern aligns with global
studies showing that socioeconomic and environmental factors amplify the pandemic's impact on
specific populations, suggesting that urban planning strategies should prioritize population den-
sity mitigation and improving public health infrastructure (Olawade et al., 2024; Rahaman et al.,
2023).

The application of the AHP method to determine social vulnerability weights demonstrates its
robustness as a decision-making tool in risk assessment. The weights calculated for various
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vulnerability factors, such as population structure, potential crowd locations, population density,
and building density, provide a structured approach to vulnerability assessment. The reliability of
this methodology is confirmed by a consistency ratio of 0.07, validating the weights derived from
the AHP (Arumugam et al., 2023; Guo et al., 2024; Thamaga et al., 2024). This methodological
rigor not only enhances the credibility of the findings but also offers a reproducible framework
for future studies on urban vulnerability and planning strategies (Mercader-Moyano et al., 2021).
Studies have shown that the application of AHP in similar contexts has positively influenced ur-
ban resilience planning and facilitated more effective responses to public health emergencies (Ray
etal., 2024).

The spatial variability of social vulnerability in Bandung City underscores the need for localized
policy responses. While six highly vulnerable districts require immediate attention, the varying
conditions in other sub-districts illustrate the complexity of managing pandemic risk in a hetero-
geneous urban landscape. This complexity underscores the need for local approaches that consider
unique socioeconomic and geographic conditions (Raisa et al., 2024; Vertovec et al., 2024). In-
tegrating weights derived from the AHP with geographic data provides policymakers with a nuan-
ced understanding of these variations, enabling better resource allocation and the implementation
of targeted interventions (Chy et al., 2025; GR et al., 2024; Tavakoli et al., 2025). For example,
these findings can be used to design targeted vaccination interventions, prioritizing areas exhibi-
ting high vulnerability. Furthermore, micro-lockdowns can be implemented in areas at high risk
of spreading infection, while still considering the social and economic impacts on communities.
These tailored strategies are crucial not only for addressing the immediate challenges posed by
the COVID-19 pandemic but also for enhancing the city's preparedness for future public health
crises. By integrating this approach into the BNPB's risk reduction strategy, synergy can be
created between emergency response efforts and long-term planning, resulting in greater re-
silience to potential future outbreaks.

The implications of this study extend beyond the COVID-19 pandemic, as its methodology and
findings provide valuable insights for urban disaster risk management. Identification of high-vul-
nerability zones through spatial analysis offers a proactive approach to mitigating the impact of
future pandemics and other crises. Furthermore, the emphasis on integrating social and geographic
factors aligns with global calls for equitable urban planning and the integration of health conside-
rations into urban development strategies (Kapucu et al., 2024; Rojas-Rueda & Morales-Zamora,
2023). By addressing the root causes of social vulnerability, Bandung City can strengthen its re-
silience to multiple hazards, fostering sustainability and adaptability in the face of evolving chal-
lenges (Abdillah et al., 2025; Fuady et al., 2025).

Overall, this study highlights that integrating spatial analysis with social vulnerability assessment
provides a robust framework to identify the most at-risk areas during a pandemic, consistent with
global evidence on the links between urban density and disease transmission (Carozzi et al., 2024;
Hu et al., 2024). The main contribution of this research lies in the application of the Analytical
Hierarchy Process (AHP) to systematically combine demographic and spatial factors, offering
both academic novelty and a practical tool for policymakers. Nevertheless, the study is limited by
its reliance on early pandemic data and the absence of broader socio-economic variables, which
restricts the comprehensiveness of the vulnerability model. Future research should integrate up-
dated datasets and multidimensional indicators to strengthen accuracy and applicability, ensuring
that vulnerability mapping can better inform urban health policies and preparedness strategies.|.

4. Conclusion

The findings of this study highlight the crucial role of social vulnerability factors in shaping the
dynamics of COVID-19 transmission in Bandung City. Utilizing the Analytical Hierarchy Process
(AHP) and spatial analysis, this study identified six sub-districts Babatan Ciparay, Batununggal,
Bojongloa Kaler, Cibeunying Kidul, Coblong, and Kiaracondong as highly socially vulnerable.
These areas are characterized by high population density, building density, and the presence of
potential crowded locations, which are crucial indicators of increased vulnerability to virus trans-
mission. This study emphasizes the importance of integrating spatial analysis with social vulne-
rability assessments to develop targeted public health interventions. Furthermore, the application
of the AHP method demonstrates its strength as a decision-making tool, providing a structured
framework for vulnerability assessment with high reliability and reproducibility. These findings
underscore the need for localized policy responses to address the unique socio-economic and geo-
graphic conditions of each sub-district, ensuring equitable resource distribution and targeted in-
terventions to mitigate pandemic risks.

This study has profound implications for public health policy and urban planning, particularly in
the context of the global health crisis. It underscores the strong link between urban demographics,
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socioeconomic conditions, and public health outcomes, suggesting that urban planning should
prioritize reducing density and improving health infrastructure. Identification of high-vulnerabi
lity zones through spatial analysis offers a proactive approach to mitigating the impact of future
pandemics and other crises. Furthermore, this study supports the need for greater community en
gagement in health efforts, emphasizing the importance of education and awareness in improving

public health responses. Policymakers should consider the specific needs of different segments of
the population to enhance the effectiveness of health interventions. Future research should aim to
combine broader geographic coverage and sophisticated spatial analysis to deepen understanding
of urban vulnerability and its impact on public health outcomes. By addressing the root causes of
social vulnerability, Bandung City can strengthen its resilience to various threats, fostering sus-
tainability and adaptability in the face of evolving challenges. Future research should be broader
in scope and more detailed in its assessment, allowing it to consider the vulnerability of a region
to pandemics or other disasters.

To address these limitations, future research can provide analysis by proposing the integration of
more recent data (e.g., 2021-2023 data) and the addition of broader socio-economic variables.
suggested variables for integration include: income and type of employment to assess direct eco-
nomic vulnerability due to mobility restrictions; access to health services to measure the popula-
tion's preparedness to face health risks; and educational status and household conditions as proxies
1for social vulnerability. with these improvements, research can provide a deeper understanding
of the community's multidimensional vulnerability to the pandemic, not only from a health per-
spective but also from a social and economic perspective.

References

Abdillah, A., Widianingsih, 1., Buchari, R. A., & Nurasa, H. (2025). Adapting to climate change and multi-risk go-
vernance: toward sustainable adaptation and enhancing urban resilience—Indonesia. Discover Applied Sciences,
7. doi: 10.1007/s42452-025-06491-7

Adeyemi, R. A, Aliu, R., Olumoh, J. S., & Oguche, S. M. (2025). Mathematical Modeling and Estimation of the Regional
Variations in COVID-19 Infections Transmission in Nigeria: A Retrospective Data Analysis. NIPES - Journal of
Science and Technology Research, 7, 176-191. doi: 10.37933/nipes/7.1.2025.15

Aichi, A, Ikirri, M., Ait Haddou, M., Quesada-Roman, A., Sahoo, S., Singha, C., Sajinkumar, K. S., & Abioui, M. (2024).
Integrated GIS and analytic hierarchy process for flood risk assessment in the Dades Wadi watershed (Central
High Atlas, Morocco). Results in Earth Sciences, 2, 100019. doi: 10.1016/j.rines.2024.100019

Al-Rawashed, M., Keikhosrokiani, P., Belaton, B., Alawida, M., & Zwiri, A. (2024). Effective factors for the adoption of
10T applications in nursing care: A theoretical framework for smart healthcare. Journal of Building Engineering,
89. doi: 10.1016/j.jobe.2024.109012

Alsairafi, Z. K., Naser, A. Y., Hemmo, S. |., Alrawashdeh, H. M., Alwafi, H., Al Rajeh, A. M., Algahtani, J., Aldhahir,
A., Algarni, A. A, Siraj, R., Jarab, A. S., & Taqi, A. (2024). Incidence, Death, and Vaccination Rates for COVID-
19 Across Six Continents. Bahrain Medical Bulletin, 46(3).

Anugwom, E. E., & Anugwom, K. N. (2023). Urbanization and the Epidemiology of Infectious Diseases: Towards the
Social Framing of Global Responses. Retrieved from https://doi.org/10.1007/978-3-031-17778-1_13

Arifin, B. (2022). Government Communication Strategies in Time of Pandemic: Comparative Study between South Korea
and Indonesia. Policy & Governance Review, 6(2), 189-205. doi: 10.30589/PGR.V612.546

Arumugam, M., Kulandaisamy, P., Karthikeyan, S., Thangaraj, K., Senapathi, V., Chung, S. Y., Muthuramalingam, S.,
Rajendran, M., Sugumaran, S., & Manimuthu, S. (2023). An Assessment of Geospatial Analysis Combined with
AHP Techniques to Identify Groundwater Potential Zones in the Pudukkottai District, Tamil Nadu, India. Water
(Switzerland), 15. doi: 10.3390/w15061101

Batur, M., Karaman, H., Alkan, R. M., & Ozener, H. (2025). Mapping Social VVulnerability to Nuclear Accidents: a Com-
parative Framework Using BWM and AHP Methods. Applied Spatial Analysis and Policy, 18. doi:
10.1007/s12061-025-09649-3

Biswas, S., & Nautiyal, S. (2023). A review of socio-economic vulnerability: The emergence of its theoretical concepts,
models and methodologies. Natural Hazards Research, 3, 563-571. doi: 10.1016/j.nhres.2023.05.005

Carozzi, F., Provenzano, S., & Roth, S. (2024a). Urban density and COVID-19: understanding the US experience. Annals
of Regional Science, 72, 163-194. doi: 10.1007/s00168-022-01193-z

Carozzi, F., Provenzano, S., & Roth, S. (2024b). Urban density and COVID-19: understanding the US experience. Annals
of Regional Science, 72, 163-194. doi: 10.1007/s00168-022-01193-z

Chang, S., Pierson, E., Koh, P. W., Gerardin, J., Redbird, B., Grusky, D., & Leskovec, J. (2020). Mobility network models
of COVID-19 explain inequities and inform reopening. Nature 2020 589:7840, 589(7840), 82-87. doi:
10.1038/s41586-020-2923-3

Chen, G., Zhang, H., Hu, Y., & Luo, C. (2024). Trust as a catalyst: revealing the impact of government trust and profes-
sional trust on public health policy compliance during a pandemic. BMC Public Health, 24. doi: 10.1186/512889-
024-18449-2

Chen, Y., Beattie, H., Simpson, A., Nicholls, G., Sandys, V., Keen, C., & Curran, A. D. (2023). A COVID-19 Outbreak
in a Large Meat-Processing Plant in England: Transmission Risk Factors and Controls. International Journal of
Environmental Research and Public Health, 20(19), 6806. doi: 10.3390/IJERPH20196806/S1

Cheshmehzangi, A., Su, Z., Jin, R., Dawodu, A., Sedrez, M., Pourroostaei Ardakani, S., & Zou, T. (2023). Space and
social distancing in managing and preventing COVID-19 community spread: An overview. Heliyon, 9, e13879.
doi: 10.1016/j.heliyon.2023.e13879

Chin, W. C. B., Feng, C. C., Leong, C. H., Pang, J., Clapham, H. E., Nara, A., Tsou, M. H., & Wang, Y. C. (2023).
Integrating local and neighboring area influences into vulnerability modeling of infectious diseases in Singapore.
International Journal of Applied Earth Observation and Geoinformation, 121. doi: 10.1016/j.jag.2023.103376

Nandi et al.

Page 302



Forum Geografi, 39(3), 2025; DOI: 10.23917/forgeo.v39i3.10775

Choo, M., Yoon, H., & Yoon, D. K. (2024). Investigating consistent effects of the urban built environment and human
mobility on COVID-19 outbreaks: A comprehensive meta-analysis. Sustainable Cities and Society, 102. doi:
10.1016/j.5cs.2024.105226

Choongik, C., & Kwang-Hoon, L. (2023). The Great Divide: How the Pandemic Widened Socioeconomic Inequalities
*1. Choongik CHOI, Kwang-Hoon LEE / East Asian Journal of Business Economics, 11(2), 71-80. doi:
10.20498/eajbe.2023.11.2.71

Chy, T. J., Hasan, K., Seum, A. B. A., & Mitu, K. N. (2025). Integrating surface and subsurface influences to assess
groundwater potential in a rapidly urbanizing temperate region: A Geographic Information System-Analytical
Hierarchy Process (GIS-AHP) case study of Shelby County, Tennessee. Green Technologies and Sustainability,
3. doi: 10.1016/j.grets.2025.100204

D’Orso, G., Migliore, M., Peri, G., & Rizzo, G. (2023). A Hybrid AHP Approach and GIS-Based Methods as Fundamental
Tools in the SECAP’s Decision-Making Process. Sustainability, 15(4), 3660. doi: 10.3390/SU15043660

Dyer, G. M. C., Khomenko, S., Adlakha, D., Anenberg, S., Behnisch, M., Boeing, G., Esperon-Rodriguez, M., Gasparrini,
A., Khreis, H., Kondo, M. C., Masselot, P., McDonald, R. I., Montana, F., Mitchell, R., Mueller, N., Nawaz, M.
0., Pisoni, E., Prieto-Curiel, R., Rezaei, N, ... Nieuwenhuijsen, M. (2024). Exploring the nexus of urban form,
transport, environment and health in large-scale urban studies: A state-of-the-art scoping review. In Environ-
mental Research, 257. Academic Press Inc. doi: 10.1016/j.envres.2024.119324

Elkady, S., Mehryar, S., Hernantes, J., & Labaka, L. (2024). Prioritizing stakeholder interactions in disaster management:
A TOPSIS-based decision support tool for enhancing community resilience. Progress in Disaster Science, 22.
doi: 10.1016/j.pdisas.2024.100320

Ernest Chinedu Okoli, Saidu Malgwi Hassan, Nelyn Akunna Okoye, & Bolouboye Micah Eradiri. (2024). Advancing
public health resilience: A review of proposed strategies for enhancing emergency preparedness in rural and un-
derserved communities. World Journal of Advanced Research and Reviews, 23, 045-062. doi:
10.30574/wjarr.2024.23.3.2574

Fage lbrahim, G. R., Rasul, A., & Abdullah, H. (2023). Sentinel-2 accurately estimated wheat yield in a semi-arid region
compared with Landsat 8. International Journal of Remote Sensing, 44, 4115-4136. doi:
10.1080/01431161.2023.2232542

Ford, A., De Togni, G., Erikainen, S., Filipe, A. M., Pickersgill, M., Sturdy, S., Swallow, J., & Young, I. (2023). How and
why to use “vulnerability”: an interdisciplinary analysis of disease risk, indeterminacy and normality. Medical
Humanities, 50, 125-134. doi: 10.1136/medhum-2023-012683

Fredericks, B., Bradfield, A., Ward, J., McAvoy, S., Spierings, S., Toth-Peter, A., & Combo, T. (2023). Mapping pande-
mic responses in urban Indigenous Australia: Reflections on systems thinking and pandemic preparedness. Aus-
tralian and New Zealand Journal of Public Health, 47. doi: 10.1016/j.anzjph.2023.100084

Frish, S., Talmor, |., Hadar, O., Shoshany, M., & Shapira, A. (2025). Enhancing consistency of AHP-based expert judge-
ments: A new approach and its implementation in an interactive tool. MethodsX, 14, 103341. doi:
10.1016/j.mex.2025.103341

Fuady, M., Buraida, Kevin, M. A., Farrel, M. R., & Triaputri, A. (2025). Enhancing Urban Resilience: Opportunities and
Challenges in Adapting to Natural Disasters in Indonesian Cities. Sustainability (Switzerland), 17. doi:
10.3390/su17041632

Giyarsih, S. R., Armansyah, Zaelany, A. A., Latifa, A., Setiawan, B., Saputra, D., Hagi, M., Lamijo, & Fathurohman, A.
(2023). Interrelation of urban farming and urbanization: an alternative solution to urban food and environmental
problems due to urbanization in Indonesia. Frontiers in Built Environment, 9, 1192130. doi:
10.3389/FBUIL.2023.1192130/BIBTEX

GR, A. N, S, A, & Mufoz-Arriola, F. (2024). Introducing a climate, demographics, and infrastructure multi-module
workflow for projected flood risk mapping in the greater Pamba River Basin, Kerala, India. International Journal
of Disaster Risk Reduction, 112. doi: 10.1016/j.ijdrr.2024.104780

Groschke, D. (2025). The Interplay of Public Administration and Community Resilience During the COVID-19 Pande-
mic—A Rapid Scoping Review. Retrieved from https://doi.org/10.1002/crq.21480

Grum, B., & Kobal Grum, D. (2023). Urban Resilience and Sustainability in the Perspective of Global Consequences of
COVID-19 Pandemic and War in Ukraine: A Systematic Review. Sustainability, 15(2), 1459. doi:
10.3390/SU15021459

Gunaratne, M. S., Firdaus, R. B. R., Sihivaitthasan, A. S., & Kamsi, N. S. (2023). THE IMPORTANCE OF MULTIDI-
MENSIONAL VULNERABILITY ANALYSIS IN SUSTAINABLE DEVELOPMENT. Journal of Sustainabi-
lity Science and Management, 18(9), 38-57. doi: 10.46754/jssm.2023.09.004

Guo, Z., Li, Z., Lu, C., She, J., & Zhou, Y. (2024). Spatio-temporal evolution of resilience: The case of the Chengdu-
Chongging urban agglomeration in China. Cities, 153. doi: 10.1016/j.cities.2024.105226

Gutu, M. A,, Bekele, A., Seid, Y., Mohammed, Y., Gemechu, F., Woyessa, A. B., Tayachew, A., Dugasa, Y., Gizachew,
L., Idosa, M., Tokarz, R. E., & Sugerman, D. (2021). Another dengue fever outbreak in eastern ethiopia—an
emerging public health threat. PLoS Neglected Tropical Diseases, 15, 1-16. doi: 10.1371/journal.pntd.0008992

Hafliger, C., Diviani, N., & Rubinelli, S. (2023). Communication inequalities and health disparities among vulnerable
groups during the COVID-19 pandemic - a scoping review of qualitative and quantitative evidence. BMC Public
Health, 23. doi: 10.1186/512889-023-15295-6

Hamidi, S., Sabouri, S., & Ewing, R. (2020). Does Density Aggravate the COVID-19 Pandemic? Journal of the American
Planning Association, 86(4), 495-509. doi: 10.1080/01944363.2020.1777891

Harapan, B. N., Harapan, T., Theodora, L., & Anantama, N. A. (2023). From Archipelago to Pandemic Battleground:
Unveiling Indonesia’s COVID-19 Crisis. In Journal of Epidemiology and Global Health, 13, 591-603). doi:
10.1007/s44197-023-00148-7

Hossain, ., Rana, M. S., Haque, A. K. M. M., & Al Masud, A. (2024). Urban household adaptation to extreme heatwaves:
health impacts, socio-economic disparities and sustainable strategies in Rajshahi. Discover Sustainability, 5. doi:
10.1007/s43621-024-00697-2

Hu, Y., Lin, Z., Jiao, S., & Zhang, R. (2024a). High-Density Communities and Infectious Disease Vulnerability: A Built
Environment Perspective for Sustainable Health Development. Buildings, 14. doi: 10.3390/buildings14010103

Hu, Y., Lin, Z., Jiao, S., & Zhang, R. (2024b). High-Density Communities and Infectious Disease Vulnerability: A Built
Environment Perspective for Sustainable Health Development. Buildings, 14(1), 103. doi: 10.3390/buil-
dings14010103

Huang, B., Wang, J., Cai, J., Yao, S., Chan, P. K. S., Tam, T. H. wing, Hong, Y. Y., Ruktanonchai, C. W., Carioli, A.,
Floyd, J. R., Ruktanonchai, N. W., Yang, W., Li, Z., Tatem, A. J., & Lai, S. (2021). Integrated vaccination and
physical distancing interventions to prevent future COVID-19 waves in Chinese cities. Nature Human Behaviour,
5(6), 695-705. doi: 10.1038/S41562-021-01063-2

Nandi et al.

Page 303



Forum Geografi, 39(3), 2025; DOI: 10.23917/forgeo.v39i3.10775

Huang, H., Sun, S., Mommens, K., & Macharis, C. (2024). The MAMCABM framework for the evaluation of mobility
decision-making problems: theory and practice. International Transactions in Operational Research. doi:
10.1111/itor.13544

Huang, Y., Li, S., Ye, W., Wang, H., Su, J., Gao, L., Shi, R., Mou, X, Leng, S. X., Xiao, C., & Chen, G. (2025). Viral
Infections in Elderly Individuals: A Comprehensive Overview of SARS-CoV-2 and Influenza Susceptibility, Pa-
thogenesis, and Clinical Treatment Strategies. In Vaccines,13. doi: 10.3390/vaccines13040431

Ibarz, M., Haas, L. E. M., Ceccato, A., & Artigas, A. (2024). The critically ill older patient with sepsis: a narrative review.
In Annals of Intensive Care, 14. doi: 10.1186/513613-023-01233-7

Islam, M. S., Rahman, Md. N., Ritu, N. S., Rahman, M. S.; & Sarker, Md. N. 1. (2024). Impact of COVID-19 on urban
environment in developing countries: Case study and environmental sustainability strategy in Bangladesh. Green
Technologies and Sustainability, 2, 100074. doi: 10.1016/j.grets.2024.100074

Ismaeel, W. A., & Satish Kumar, J. (2024). An approach for built-up area extraction using different indices and deep
neural network (DNN) model. Infrared Physics and Technology, 142. doi: 10.1016/j.infrared.2024.105558

Jiang, X., Ye, D., Lan, W., & Luo, Y. (2024). Epidemic, Urban Planning and Health Impact Assessment: A Linking and
Analyzing Framework. Buildings,14(7), 2141. doi: 10.3390/BUILDINGS14072141

Johnson, D., Blackett, P., Allison, A. E. F., & Broadbent, A. M. (2023). Measuring Social VVulnerability to Climate Change
at the Coast: Embracing Complexity and Context for More Accurate and Equitable Analysis. Water (Switzerland),
doi: 10.3390/w15193408

Kaim, A., & Kubbe, I. (2025). Who Is the Master of Disasters? A Comparative Analysis of COVID-19 Crisis Response
and Resilience in Democracies, Hybrid Regimes, and Autocratic States. Risk, Hazards and Crisis in Public Policy,
16. doi: 10.1002/rhc3.70004

Kapucu, N., Ge, Y., Rott, E., & Isgandar, H. (2024). Urban resilience: Multidimensional perspectives, challenges and
prospects for future research. Urban Governance. doi: 10.1016/j.ugj.2024.09.003

Kim, K., Kang, J. Y., & Hwang, C. (2025). Identifying Indicators Contributing to the Social Vulnerability Index via a
Scoping Review. In Land, 14(2), 263. doi: 10.3390/land14020263

Kim, M. K., Bhattacharya, J., & Bhattacharya, J. (2024). Is income inequality linked to infectious disease prevalence? A
hypothesis-generating study using tuberculosis. Social Science and Medicine, 345, 116639. doi:
10.1016/j.socscimed.2024.116639

Li, A, Toll, M., & Bentley, R. (2023). Mapping social vulnerability indicators to understand the health impacts of climate
change: a scoping review. In The Lancet Planetary Health, 7, €925-€937). doi: 10.1016/S2542-5196(23)00216-4

Li, T., Singh, R. K., Cui, L., Xu, Z,, Liu, H., Fava, F., Kumar, S., Song, X., Tang, L., Wang, Y., Hao, Y., & Cui, X. (2023).
Navigating the landscape of global sustainable livelihood research: past insights and future trajectory. Environ-
mental Science and Pollution Research, 30(46), 103291-103312. doi: 10.1007/S11356-023-29567-6

Liu, C. F., & Mostafavi, A. (2025). Network dynamics of community resilience and recovery: new frontier in disaster
research. International Journal of Disaster Risk Reduction, 123. doi: 10.1016/j.ijdrr.2025.105489

Liu, Z., & Liu, C. (2024). The association between urban density and multiple health risks based on interpretable machine
learning: A study of American urban communities. Cities, 153. doi: 10.1016/j.cities.2024.105170

Luo, W., Zhou, Y., Liu, Z., Kang, W., He, S., Zhu, R., Li, R., & Huang, B. (2023). Cross-regional analysis of the associa-
tion between human mobility and COVID-19 infection in Southeast Asia during the transitional period of “living
with COVID-19.” Health and Place, 81. doi: 10.1016/j.healthplace.2023.103000

Mah, J. C., Penwarden, J. L., Pott, H., Theou, O., & Andrew, M. K. (2023). Social vulnerability indices: a scoping review.
BMC Public Health, 23. doi: 10.1186/s12889-023-16097-6

Majumder, S., Roy, S., Bose, A., & Chowdhury, I. R. (2023). Multiscale GIS based-model to assess urban social vulne-
rability and associated risk: Evidence from 146 urban centers of Eastern India. Sustainable Cities and Society, 96.
doi: 10.1016/j.5¢s.2023.104692

Maxwell, A., Nandi, N., & Enok, M. (2024). Geographic Information System Impact on Urban Areas Management. A
Case Study of Bandung, West Java, Indonesia. Retrieved from Https://Ope-
nurl.Ebsco.Com/EPDB%3Agcd%3A11%3A19454891/Detailv2?Sid=ebsco%3Aplink%3Ascho-
lar&id=ebsco%3Agcd%3A180917593&crl=c&link_origin=scholar.Google.Com.

Mercader-Moyano, P., Morat, O., & Serrano-Jiménez, A. (2021). Urban and social vulnerability assessment in the built
environment: An interdisciplinary index-methodology towards feasible planning and policy-making under a crisis
context. Sustainable Cities and Society, 73, 103082. doi: 10.1016/J.SCS.2021.103082

Miftah, A. Z., Widianingsih, I., Muhtar, E. A., & Sutriadi, R. (2024). Behind the scenes of COVID-19 response: a social
network analysis of policy actors in Bandung City. Cogent Social Sciences, 10(1), 2356351. doi:
10.1080/23311886.2024.2356351;CTYPE:STRING:JOURNAL

Mohd Zain, F. A., Wan Abdullah, W. A., Muhamad Nasir, M. N., & Hassan, M. F. (2025). Development of a comprehen-
sive sustainability performance index for takaful operators: integrating Magasid Al-Shariah and stakeholder pers-
pectives. International Journal of Islamic and Middle Eastern Finance and Management. doi: 10.1108/IMEFM-
07-2024-0343

Moslehi, S., Dehdashti, A., Pourmohammdi, B., & Fatemi, F. (2023). Main social vulnerability indicators in the COVID-
19 pandemic in Iran. Frontiers in Public Health, 11. doi: 10.3389/fpubh.2023.1080137

Mueller, A. L., Mcnamara, M. S., & Sinclair, D. A. (2020). Why does COVID-19 disproportionately affect older people?
Aging (Albany NY), 12(10), 9959. doi: 10.18632/AGING.103344

Mustafa, M., Abbas, K., Ahmad, R., Ahmad, W., Tantry, I. Q., Islam, S., Moinuddin, Alam, M., Hassan, M. D. I., Usmani,
N., & Habib, S. (2025). Unmasking vulnerabilities in the age of COVID 19 (Review). In World Academy of
Sciences Journal, 7. doi: 10.3892/wasj.2024.290

Mustikawati, I. F., Sulaeman, E. S., Subiyanto, A. A., & Suminah, S. (2024). Health promotion model in the utilization of
health services for Indonesian social security agency for health participants. Narra J, 4(3), €1300. doi:
10.52225/NARRA.V413.1300

Nagavi, J. C., Shukla, B. K., Bhati, A., Rai, A., & Verma, S. (2024). Harnessing Geospatial Technology for Sustainable
Development: A Multifaceted Analysis of Current Practices and Future Prospects. Sustainable Development and
Geospatial Technology: Foundations and Innovations: Volume 1(1), 147-170. doi: 10.1007/978-3-031-65683-
58

Nandi, Ismail, J. R., & Ismail, A. (2024). Spatial analysis on influence of elevation to coronavirus disease-19 infection
fatality ratio in Bandung Regency and Bandung City. IOP Conference Series: Earth and Environmental Science,
1404. doi: 10.1088/1755-1315/1404/1/012050

Nikkala, S., Peddada, J. R., & Neredimelli, R. (2022). Correlation analysis of land surface temperature on landsat-8 data
of Visakhapatnam Urban Area, Andhra Pradesh, India. Earth Science Informatics, 15(3), 1963-1975. doi:
10.1007/S12145-022-00850-3/METRICS

Nandi et al.

Page 304



Forum Geografi, 39(3), 2025; DOI: 10.23917/forgeo.v39i3.10775

Ningrum, A. P., & Lotta, G. (2024). The “we” factor in improvisational statecraft: frontline repair of the state in Indone-
sia’s crisis response amidst resource constraints. Global Public Policy and Governance, 4(1), 31-55. doi:
10.1007/543508-023-00083-0/FIGURES/1

Nkonu, R. S., Antwi, M., Amo-Boateng, M., & Dekongmen, B. W. (2023). GIS-based multi-criteria analytical hierarchy
process modelling for urban flood vulnerability analysis, Accra Metropolis. Natural Hazards, 117, 1541-1568.
doi: 10.1007/s11069-023-05915-0

Olawade, D. B., Ling, J., Wada, O. Z., Ore, O. T., Egbewole, B. I., David-Olawade, A. C., & Esan, D. T. (2024). Envi-
ronmental impacts of COVID-19 pandemic on selected global regions: Precursors of sustainable development.
Total Environment Advances, 11, 200108. doi: 10.1016/j.teadva.2024.200108

Onyejesi, C. D., Alsabri, M., Del Castillo Miranda, J. C., Aziz, M. M., Ram, M. D., Abady, E. M., & Abdelbar, S. M.
(2025). Pediatric emergency disaster preparedness: a narrative review of global disparities, challenges, and policy
solutions. In International Journal of Emergency Medicine, 18. doi: 10.1186/s12245-025-00856-w

Pant, S., Garg, P., Kumar, A., Ram, M., Kumar, A., Sharma, H. K., & Klochkov, Y. (2024). AHP-based multi-criteria
decision-making approach for monitoring health management practices in smart healthcare system. International
Journal of System Assurance Engineering and Management, 15, 1444-1455. doi: 10.1007/s13198-023-01904-5

Prada, G.-1., Bajenaru, O.-L., Chelu, G.-C., Matei-Linca, C.-M., Nuta, C.-R., & Moscu, S.-G. (2024). Protecting the el-
derly from influenza in the context of immune system senescence. Elderly aged 65 and over are vulnerable to
influenza and its associated complications.: Position paper by the Romanian Society of Gerontology and Geria-
trics. Journal of Medicine and Life, 17, 746—754. doi: 10.25122/jml-2024-0274

Preye Winston Biu, Chinedu Nnamdi Nwasike, Olawe Alaba Tula, Chinedu Alex Ezeigweneme, & Joachim Osheyor
Gidiagba. (2024). A review of GIS applications in public health surveillance. World Journal of Advanced
Research and Reviews, 21, 030-039. doi: 10.30574/wjarr.2024.21.1.2684

Priyatna, E. S. (2024). A cultural history of indonesian urban soundscape: locating urban experiences within the urban
soundscape of Indonesia. Retrieved from Https:/Sussex.Figshare.Com/Articles/Thesis/A_cultural_his-
tory_of_indonesian_urban_soundscape_locating_urban_experiences_within_the_urban_soundscape_of_Indone-
sia/271797247File=49641711.

Putra, R. P., Agustina, R. D., Susanti, S., Chusni, M. M., & Novitasari, E. (2023). Flood Hazard Mapping in Bandung
Regency Based on Multi-Criteria Decision Analysis (MCDA) with AHP Method. Indonesian Review of Physics,
6, 82-91. doi: 10.12928/irip.v6i2.10386

Qazi, A., Simsekler, M. C. E., & Gaudenzi, B. (2022). Prioritizing Multidimensional Interdependent Factors Influencing
COVID-19 Risk. Risk Analysis, 42(1), 143-161. doi: 10.1111/RISA.13841;CSUBTYPE:STRING:SPECIAL;
PAGE:STRING:ARTICLE/CHAPTER

Rachmawati, R., Tyas, E., Mei, W., Nurani, I. W., Ghiffari, R. A., Rohmah, A. A., Sejati, M. A., Visvizi, A., Alhalabi,
W., Assem, S., Razek, A., Gerli, P., & Troisi, O. (2021). Innovation in Coping with the COVID-19 Pandemic:
The Best Practices from Five Smart Cities in Indonesia. Sustainability, 13(21), 12072. doi: 10.3390/SU132112072

Rahaman, M. A., Kalam, A., & Al-Mamun, M. (2023). Unplanned urbanization and health risks of Dhaka City in Ban-
gladesh: uncovering the associations between urban environment and public health. In Frontiers in Public Health,
11. doi: 10.3389/fpubh.2023.1269362

Raisa, S. S., Sarkar, S. K., & Sadig, M. A. (2024). Advancing groundwater vulnerability assessment in Bangladesh: a
comprehensive machine learning approach. Groundwater for Sustainable Development, 25. doi:
10.1016/j.9sd.2024.101128

Ray, M., Tornello, A. R., Pickart, F., Stripling, M., Ali, M., & Vargas, L. G. (2024). A jurisdictional risk assessment for
the whole community: A new, systematic approach to participatory decision-making in public health emergency
preparedness using the analytic hierarchy process. Journal of Multi-Criteria Decision Analysis, 31. doi:
10.1002/mcda.1820

Ray, S. K. (2024). Flood risk index mapping in data scarce region by considering GIS and MCDA (FRI mapping in data
scarce region by considering GIS and MCDA). Environment, Development and Sustainability, 17329-17381. doi:
10.1007/510668-024-04641-2

Rezaei, S., & Dezfoulian, H. (2023). A comparative hierarchical data-centric approach to monitor social permeability,
coping potential and social vulnerability in facing COVID-19 crisis in Africa. International Journal of Disaster
Risk Reduction, 95. doi: 10.1016/j.ijdrr.2023.103857

Rismawati, S. D., & Abdullah, 1. (2023). Beyond health regulations: Lessons from vaccine acceptance and the prevention
of the COVID-19 pandemic. Cogent Social Sciences, 9(2). doi: 10.1080/23311886.2023.2258671;SUB-
PAGE:STRING:FULL

Rojas-Rueda, D., & Morales-Zamora, E. (2023). Equitable Urban Planning: Harnessing the Power of Comprehensive
Plans. In Current Environmental Health, 10, 125-136. doi: 10.1007/s40572-023-00399-3

Roldan-Valcarce, A., Jato-Espino, D., Manchado, C., Bach, P. M., & Kuller, M. (2023). Vulnerability to urban flooding
assessed based on spatial demographic, socio-economic and infrastructure inequalities. International Journal of
Disaster Risk Reduction, 95. doi: 10.1016/j.ijdrr.2023.103894

Roosmini, D., Kanisha, T. F., Nastiti, A., Kusumah, S. W., & Salami, I. R. S. (2022). Preliminary studies of Bandung City
Health System Resilience (case study : Covid-19 pandemic). IOP Conference Series: Earth and Environmental
Science, 1065(1), 012065. doi: 10.1088/1755-1315/1065/1/012065

Rout, N. K., Ahirwal, M. K., & Atulkar, M. (2024). An optimized pair-wise comparison approach for automated feature
weight assignment in content-based image retrieval system. Multimedia Tools and Applications, 84, 30819-
30849. doi: 10.1007/s11042-024-20182-2

Roy, S., Majumder, S., Bose, A., & Chowdhury, I. R. (2024). Mapping the vulnerable: A framework for analyzing urban
social vulnerability and its societal impact. Societal Impacts, 3, 100049. doi: 10.1016/j.socimp.2024.100049

Sahoo, K. C., Negi, S., Mahapatra, P., Samantaray, K., Dash, G. C., Dubey, S., Sahay, M. R., Sahoo, R. K., Bhattacharya,
D., Sahoo, B., Pani, S. P., Otmani del Barrio, M., & Pati, S. (2023). Gender dimensions of health-related chal-
lenges among urban poor during COVID-19 pandemic in low-and middle-income countries: a systematic review
and gap analysis. Frontiers in Public Health, 11. doi: 10.3389/fpubh.2023.1170386

Sakti, A. D., Ihsan, K. T. N., Anggraini, T. S., Shabrina, Z., Sasongko, N. A., Fachrizal, R., Aziz, M., Aryal, J., Yuliarto,
B., Hadi, P. O., & Wikantika, K. (2022). Multi-Criteria Assessment for City-Wide Rooftop Solar PV Deployment:
A Case Study of Bandung, Indonesia. Remote Sensing, 14(12), 2796. doi: 10.3390/RS14122796

Sakti, A. D., Rohayani, P., 1zzah, N. A., Toya, N. A, Hadi, P. O., Octavianti, T., Harjupa, W., Caraka, R. E., Kim, Y.,
Avtar, R., Puttanapong, N., Lin, C. H., & Wikantika, K. (2023). Spatial integration framework of solar, wind, and
hydropower energy potential in Southeast Asia. Scientific Reports, 13. doi: 10.1038/s41598-022-25570-y

Saric, J., Aerts, A., Anne, M., Barboza, J., Boch, J., Dashdorj, N., McGhie, D. V., Santana, A., Shellaby, J. T., Rollemberg,
S. M. S, Silveira, M., Steinmann, P., & Cobos, D. (2024). Assessing the contributions of an urban population

Nandi et al.

Page 305



Forum Geografi, 39(3), 2025; DOI: 10.23917/forgeo.v39i3.10775

health initiative to shift political priority towards cardiovascular health: three case studies from Brazil, Mongolia
and Senegal. BMC Health Services Research, 24. doi: 10.1186/s12913-023-10432-8

Sarker, R., Roknuzzaman, A. S. M., Haque, M. A, Islam, M. R., & Kabir, E. R. (2024). Upsurge of dengue outbreaks in
several WHO regions: Public awareness, vector control activities, and international collaborations are key to pre-
vent spread. Health Science Reports, 7(4), €2034. doi: 10.1002/HSR2.2034

Sato, Y., & Tan, K. H. (2023). Inconsistency indices in pairwise comparisons: an improvement of the Consistency Index.
Annals of Operations Research, 326, 809-830. doi: 10.1007/s10479-021-04431-3

Shirato, G., Andrienko, N., & Andrienko, G. (2023). Identifying, exploring, and interpreting time series shapes in multi-
variate time intervals. Visual Informatics, 7, 77-91. doi: 10.1016/j.visinf.2023.01.001

Siimsen, I., Orru, K., Naevestad, T. O., Nero, K., Olson, A., Kaal, E., & Meyer, S. F. (2023). Socio-economic outcomes
of COVID-19 on the marginalised: Who have taken the hardest hit? International Journal of Disaster Risk Re-
duction, 93. doi: 10.1016/j.ijdrr.2023.103723

Soiza, R. L., Scicluna, C., & Bilal, S. (2023). Virus Infections in Older People. Subcellular Biochemistry, 103, 149-183.
doi: 10.1007/978-3-031-26576-1_8

Soleimani, M., & Jalilvand, A. (2025). Spatial analysis of COVID-19 incidence and mortality rates in northwest iran for
future epidemic preparedness. Scientific Reports, 15. doi: 10.1038/s41598-025-91246-y

Surendra, H., Praptiningsih, C. Y., Ersanti, A. M., Rahmat, M., Noviyanti, W., Harman, A. D., Mansu, A. N., Suleman,
Y. Y., Sudrani, S., Rosalina, R., Mukhtar, I., Rosadi, D., Fauzi, L., Elyaza, R. F., Hawley, W. A., & Wibisono,
H. (2023). Clinical characteristics and factors associated with COVID-19-related mortality and hospital admission
during the first two epidemic waves in 5 rural provinces in Indonesia: A retrospective cohort study. PLoS ONE,
18. doi: 10.1371/journal.pone.0283805

Tagi, M. M., & Rasheed, K. G. (2025). Factors Influencing Urban Agglomeration and the Need for Practical Measures to
Control Urban Transformation. AIP Conference Proceedings, 3169(1). doi: 10.1063/5.0256004/3334929

Tavakoli, M., Motlagh, Z. K., Dabrowska, D., Youssef, Y. M., Purin, B., & Saqr, A. M. (2025). Harnessing AHP and
Fuzzy Scenarios for Resilient Flood Management in Arid Environments: Challenges and Pathways Toward Sus-
tainability. Water (Switzerland), 17(9), 1276. doi: 10.3390/w17091276

Teng, M., Zhang, F., Gong, Z., & Park, J. H. (2025). Evaluating climate adaptation strategies for coastal resilience using
multi-criteria  decision-making framework. Marine Pollution Bulletin, 217. doi: 10.1016/j.marpol-
bul.2025.118060

Thamaga, K. H., Gom, S., Adesola, G. O., Ndou, N., Muavhi, N., Mndela, M., Sibandze, P., Abdo, H. G., Maphanga, T.,
Afuye, G. A., Madonsela, B. S., & Almohamad, H. (2024). Integration of geospatial-based algorithms for ground-
water potential characterization in Keiskamma Catchment of South Africa. Groundwater for Sustainable Deve-
lopment, 26. doi: 10.1016/j.gsd.2024.101262

Trillos, N. G,, Little, A., McKenzie, D., & Murphy, J. M. (2023). Fermat Distances: Metric Approximation, Spectral
Convergence, and Clustering Algorithms.

Triwardhani, I. J., & Kennedy, E. K. (2025). Public Participation in Environmental Issues in Bandung City. Edunity Kajian
llmu Sosial Dan Pendidikan, 4, 31-42. doi: 10.57096/edunity.v4i1.358

Vertovec, S., Hiebert, D., Spoonley, P., & Gamlen, A. (2024). Visualizing superdiversity and “seeing” urban socio-econo-
mic complexity. Urban Geography, 45, 179-200. doi: 10.1080/02723638.2022.2151753

Wang, W., Chen, J., Fang, L., A, Y., Ren, S., Men, J., & Wang, G. (2024). Remote sensing retrieval and driving analysis
of phytoplankton density in the large storage freshwater lake: A study based on random forest and Landsat-8 OLI.
Journal of Contaminant Hydrology, 261. doi: 10.1016/j.jconhyd.2024.104304

Widarna, R., Afifah, N., Djunaedy, H. A. K., Sassi, A., Vasquez, N. A., Oga-Omenka, C., Salindri, A. D., Lestari, B. W.,
Pai, M., & Alisjahbana, B. (2024). The shifting landscape of private healthcare providers before and during the
COVID-19 pandemic: Lessons to strengthen the private sectors engagement for future pandemic and tuberculosis
care. PLOS Global Public Health, 4(10), €0003112. doi: 10.1371/JOURNAL.PGPH.0003112/0G_IMAGE.JPG

Widya, A. T., Kusuma, H. E., & Lubis, H. A. (2023). Exploring housing quality perception and attitude groups through
annoyance on vertical public-housing: online user review: case study—apartment in Bandung City, Indonesia.
Journal of Housing and the Built Environment, 38(3), 1651-1688. doi: 10.1007/S10901-022-10001-1/TABLES/4

Yasin, M. Y., Abdullah, J., Noor, N. M., Yusoff, M. M., & Noor, N. M. (2022). Landsat observation of urban growth and
land use change using NDVI and NDBI analysis. IOP Conference Series: Earth and Environmental Science,
1067(1), 012037. doi: 10.1088/1755-1315/1067/1/012037

Zhu, W., Yuan, C., Tian, Y., Wang, Y., Li, L., & Hu, C. (2024). A New High-Resolution Rural Built-Up Land Extraction
Method Based on Artificial Surface Index with Short-Wave Infrared Downscaling. Remote Sensing, 16. doi:
10.3390/rs16071126

Nandi et al.

Page 306



